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A Study on the Data Sampling Methods in TSPA for the
Permanent Disposal of Radioactive Waste
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Abstract

It iz essential to perform the probabilistic safety assessment to assure the safety of
the permanent repository for radicactive waste, Howrewer, In practice, It Is not quite so
straight forward to have effective sampling to describe all input pdf's needed for the
gafety assessment, It is due to the complexity in the gedeogic medium as well as
characteristics of the waste and its chemical performance, In the MASCOT-K, which is
the reference safety assessment tool for the HLW repositery in Korea, fwo useful
options for sampling are provided: 1) MMonte Carlo Method and 2) Important sampling,
To expand its capakiity, the possikility to nclude the LHS in the MASCOT-K was
tested by comparing its sampling results with those from the Monte Carle approach,
Obwiously, the results from the LHE is better than those from the Monte Carle so that
it iz feagible o introduce the LHS in the MASCOT-K, In the future, so called LHS
with correlaticn shall be studied as one of the prime sampling methods for the TSPA in
KAFRI,
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