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Modeling of Nuclear Reactor in Load Following Operations
with NARX Neural Networks
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Abstract

NARX(Nonlinear AutoRegressive with eXogenous input) neural network model
1s developed for prediction of reactor power, Xenon worth and axial offset in load
following operations. Levenberg Marquardt algorithm is employed to speed up the
training of the NARX neural network. Training and testing data are generated by
ONED94 code. The test results presented exhibit the capability of the NARX neural
network model to capture the long term and short term dynamics of the reactor core

and show that it is an attractive tool for plant simulation.
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