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Modeling of Steam Generator in Nuclear Power Plant

Using Neural Network Ensemble
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Abstract

Neural network is now being used in modeling the steam generator is known to be
difficult due to the reverse dynamics. However, Neural network 1s prone to the
problem of overfitting. This paper investigates the use of neural network combining
methods to model steam generator water level and compares with single neural
network The results show that neural network ensemble is effective tool which can
offer improved generalization, lower dependence of the training set and reduced

training time.
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